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Abstract

This article examines the process and implications of political influence in U.S. state legislatures. I
argue that legislators’ reliance on one another for information creates a distribution of informal power
that can be used by any member, regardless of rank or seniority, to achieve political goals. Using ten
years of temporal cosponsorship data from seven U.S. states, I test a theory of asymmetric polariza-
tion in co-partisan influence. Results show that the distribution of members’ ideology is central to the
importance of ideological cues. Unlike traditional models of legislative bargaining, I find that ideolog-
ically extreme officials increasingly influence moderates, but this effect is only present in heterogenous
chambers. Contextual evidence suggests that these results are driven by conservative Republicans, with
influence occurring among ideologically proximate but increasingly extreme Republican dyads, with lit-
tle evidence of systematic tie formation among pairs of Democrats. Together, these results imply that
directional movement in party ideology may be partially achieved through spatial decisions made over a
sustained period of time.
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There is little question of Michael Madigan’s political stature in Illinois, a state so notoriously hierarchi-

cal as to be nearly synonymous with power. Madigan is perhaps best known as the longest-serving Speaker

in American legislative history, presiding over the Illinois General Assembly for thirty-eight years from

1983 until his resignation in 2021. From 1998, Madigan also acted as chairman of the state’s Democratic

Party, granting him control of most major political goods: from the legislative agenda and various appoint-

ments to campaign spending on rank-and-file partisans. Because of these qualities, Madigan’s preferences

exerted a major impact on both the ideological character and policy output of the state while in office, lega-

cies likely to endure despite his retirement (McKinney 2021). As a result of holding these formal positions

— or perhaps, in addition to them — Madigan exercised a substantial degree of informal power, particularly

in his influence, or ability to shape the decisions made by others around him. Put simply, Madigan’s claim

to such a wide range of legislative roles incentivized cooperation and support, particularly among the polit-

ically ambitious. In fact, Madigan’s status and infamous aptitude for persuasion were so effective to have

earned him nicknames including “the Velvet Hammer,” “the Real Governor,” and “the King of Illinois.”1

Clearly, Michael Madigan exemplifies the power and authority that often underlie political success (e.g.

Cox, Kousser and McCubbins 2010; Battista 2011).2

Like Madigan, former legislator Emily McAsey also served as a Democrat in the Illinois General Assem-

bly. First elected in 2008, McAsey worked as a middle school teacher and public defender before pursuing

office. She never held a position in party leadership during her eight-year tenure. While active in poli-

cymaking, McAsey cosponsored fewer bills than the Assembly median and seldom introduced legislation

herself. Still, she is remembered as no less influential than Madigan, although her reputation was earned

through very different means. While Madigan’s power derives from the promise – or threat – of contingent

goods, McAsey’s influence was unintended, an externality cultivated through her substantive commitment

to renewable energy and dedication to constituency service. Upon her resignation in 2017, McAsey’s efforts

were recognized by rank-and-file colleagues as well as leaders of both parties and voters from across the

state (Lafferty 2017). Even in the most stratified of contexts, political influence is not limited to the few in

positions of power.

Although cue-taking is a dominant means of legislative communication, political scientists frequently

measure this process using terms that obscure its full scope and implications by prioritizing observable
1See Nowlan et al. (2010), Ylisela (2013), and Moore et al. (2020).
2But see Edwards (2018).
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indicators. As a result, existing research on this and related concepts gravely underestimates the effect

had by rank-and-file members on American politics, namely partisan ideologues. Indeed, for many people,

“power” connotes well-connected, visibly effective leaders like Madigan, rather than their junior colleagues.

In part, this misconception arises from a conflation of formal power with the latent, informal hierarchy of

influence, although the two can coincide. Nevertheless, there is an important distinction between formal

hierarchy (and the powers that come with it) and influence, the capacity to affect decisions made by others.

Influence is a social economy describing the relative use of persuasive authority. Unlike most sanctioned

privileges, this approach can be used by anyone to shape how others around them feel, think, and act. The

accessibility of influence arises from its versatility: persuasion can be affected both by conscious effort as

well as unintentionally, simply by virtue of expression alone. Although it is a largely invisible process,

the arrangement created by this system is the central organizing component of most observable legislative

activities and outcomes. It achieves this consequence by deciding who is at the top of the information

hierarchy — in other words, whose opinions really matter — regardless of which individuals possess the

most discrete formal power.

Applying insights offered by ideological power balance models of legislative interaction (e.g. Schickler

2000) and theories of electoral behavior (e.g. Rabinowitz and MacDonald 1989; Pardos-Prado and Dinas

2010), I argue that formally pivotal players, namely ideological moderates, lack the influence of extreme

partisans in some cases. To do this, I use NetInf (Gomez-Rodriguez et al., 2010; 2012), a network inference

algorithm (e.g. Desmarais, Harden and Boehmke 2015), with temporal cosponsorship data from seven U.S.

states to produce 120 networks of information diffusion. I find that leadership is often a weak predictor of

state legislative influence. Instead, this process favors ideologically extreme officials, especially those in

heterogenous chambers. Closer, independent examinations of each network show that this effect is partic-

ularly driven by groups of conservative Republicans, with limited evidence of ideological conditioning in

Democrats’ behavior. These results suggest that party-level ideological movement may result from rational

collaboration patterns among elected officials over time, rather than through explicit effort by individuals or

the party organization alone. Consistent with prior research, I find a positive effect for committee chairs and

legislators with at least one shared committee assignment.

The remainder of this paper proceeds as follows. First, I illustrate the utility and outcomes of political

influence as reported in existing scholarship. With that foundation, I explain the specific goals and theo-

retical grounding for the present study. I then describe the research design, data, and empirical approach
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before summarizing my results. I conclude with a brief overview, discussion of practical implications, and

directions for future research.

1 Influence in American Legislatures
Like the voters who elect them, legislators are faced with consequential decisions in low-information

settings (Curry 2015; Zelizer 2018). In addition, the length and frequency with which most bills are changed

prevents even motivated actors from reading them entirely (Curry 2015). Similar to other means of decision-

making under conditions of uncertainty, influence is a “satisficing” heuristic used unconsciously by nearly all

of us. Relative to “optimal” choices – made with complete information – satisficing aims to reach a decision

that is simply “good enough” using what is known at the time (Lau and Redlawsk 2006). For an illustrative

example, consider party affiliation in the voting public. Though Americans usually know very little about

candidates and their platforms (Delli Carpini and Keeter 1996), voters consistently choose officials from the

same party, even if a different selection might result in a better outcome (Johnston Conover and Feldman

1989). Here, candidates’ partisanship and the voter’s own knowledge, party valence, and experiences jointly

inform future decisions without necessitating additional research. Legislators’ use of influence is similar:

by observing how many and which of their colleagues support or oppose legislation, lawmakers can infer

their own likely positions, often with little conscious effort (Gilens and Murakawa 1995). However, unlike

similar conclusions reached by laymen, elites’ high level of political expertise results in heuristic decision-

making that is more often “correct,” or correlated with the counterfactual choice made with full information

(Kuklinski and Quirk 2000; Lau and Redlawsk 2001).

An impressive literature describes the persistence of cues as an easy and efficient means to informa-

tion. Beginning with Kingdon (1973), this work demonstrates officials’ almost singular reliance on intra-

legislative signals to inform their own behavior. Substantial evidence suggests that legislators use cues more

frequently than other possible sources of the same information such as constituent opinion, interest groups,

or the executive (e.g. Ray 1982; Ringe, Victor and Gross 2012). In addition to its reliability and low costs,

this system remains widespread for its institutional benefits. The legislative process is structured to facilitate

information sharing among policymakers, which is useful for maximizing “correct” cue-taking inferences.

Most fundamentally, influence is made easier by the iterated format of institutional interaction. This struc-

ture allows well-informed officials to publicly register their positions and rationale earlier than undecided

colleagues (e.g. Box-Steffensmeier, Ryan and Sokhey 2015). Box-Steffensmeier, Arnold, and Zorn (1997)
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show evidence of selection into cue provision as a consequence of this institutional feature, whereby those

with crystallized opinions announce them early to signal their endorsed position and persuasive intent. Sec-

ond, the organization and function of legislative committees further reduce the costs of cue-taking through

member specialization. This system provides a clear means for members to identify sources with specific

expertise and prioritize their direction (Curry 2015, 2018; Fong 2020). The hierarchy of legislative party or-

ganizations provides a related, if obvious, benefit by ensuring broad communication of leaders’ preferences

(Anderson, Butler and Harbridge 2016).

Existing work leaves little doubt as to the universal reach of legislative cues, but offers less guidance

as to whose opinions these signals ultimately reflect. Literature suggests that legislators are typically influ-

enced by colleagues who most visibly or proximately exemplify a particular kind of information (Matthews

and Stimson 1975). In general, these cues derive from friends (Ringe, Victor and Gross 2012), co-partisans

(Kingdon 1973), or otherwise similar actors (e.g. Fong 2020). These familiar signals contain more nuanced

and reliable information than those from a relative stranger. Within the subset of like-minded colleagues,

however, there is substantial variation in preferred informant across cue-takers, states, and over time (King-

don 1973; Ray 1982). These differences likely result from a variety of considerations, such as electoral

ambition (Ringe, Victor and Gross 2012; Zelizer Forthcoming), issue area (Ansolabehere, Snyder and Stew-

art 2001; Fong 2020), and public salience (Uslaner and Weber 1979; Zelizer Forthcoming), among others.

More broadly, variation in cue-giver preference may also reflect systematic differences in legislators’

perceptions of issues and the utility of specific colleagues to overcoming the implied uncertainty. This

possibility motivates questions of institutional, ideological, or other of systematic sources of difference in

elite behavior both within and across states, most of which are unknown (see also: Bailey and Sinclair 2008;

Coleman Battista and Richman 2011).

In addition to serving as a low-cost source of information, influence also helps legislators achieve their

own political goals as a means to greater effectiveness. If not the same quality, influence and effectiveness are

mutually reinforcing: the greater a legislator’s institutional standing and the broader his or her involvement

on issues, the better positioned they are to efficiently achieve professional ends (Padro i Miquel and Snyder

2006). These include passing legislation, shaping the agenda, securing funding from interest groups, and

seeking reelection (Koger 2003; Ringe, van Thomme and Wilson 2015). The utility of these concepts in

affecting legislative outcomes is significant; bills with more cosponsors have a better chance of advancing

out of committee (Thomas and Grofman 1992) and passing floor votes thereafter (Browne 1985; Krutz
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2005). As a result, legislators have strong incentives to build and maintain diverse relationships, creating a

coalition of intra-legislative support that persists over time (Bratton and Rouse 2011). Similarly, this system

may also serve a compensatory role for rank-and-file juniors or those who face barriers to traditional policy

success by promoting collaboration in a channel parallel to the formal leadership hierarchy (Wallace 2014;

Holman and Mahoney 2018).

Existing research demonstrates a positive correlation between effectiveness and influence, typically

strongest among party leaders and other high-ranking officials (e.g. Battaglini, Sciabolazza and Patacchini

2020; Buccianeri, Volden and Wiseman 2020). However, much like its close practical relationship with

leadership, influence and effectiveness are conceptually distinct. While influence can help legislators curate

relationships — for example, by establishing themselves as a substantive expert in a particular policy area

— influence is antecedent to effective policymaking (e.g. Edwards 2018).

By operationalizing effectiveness in terms of an individual’s policy success, rather than their capacity

for successful persuasion, extant findings underestimate the influence of lawmakers whose affect on the

policymaking process is not captured by bill passage alone: for example, contrarians and obstructionists

(Volden and Wiseman 2018). As noted by Volden and Wiseman (2018), measures of effectiveness consider

only positive lawmaking efforts, neglecting the intangible – but no less significant — impact of interpersonal

interaction. To that end, influence may also fill a compensatory role for juniors and other groups that face

barriers to traditional policy success by promoting collaboration among lawmakers in a system parallel to the

formal leadership hierarchy (Edwards 2018; Holman and Mahoney 2018; Buccianeri, Volden and Wiseman

2020).

1.1 Theoretical Expectations

Existing work shows that political influence often results from a legislator’s salience within their cham-

ber, particularly as a reliable source of credible information (Matthews and Stimson 1975). To achieve this

stature, representatives must first establish a reputation; for example, by distinguishing themselves as a sub-

stantive specialist through committee membership (Fong 2020), word of mouth, or authoring bills related to

a particular issue area (Kingdon 1973). Visibility can also result from effectiveness, as legislative success

entails the maintenance of numerous durable relationships. In both cases, the consequent coalitions create a

network through which reputation and influence propagate (e.g. Kirkland 2011; Skigin 2019).

To date, research on this concept has focused almost entirely on the qualities of individual legislators

or dyadic pairs. However, the most visible and advantageous relationships, as well as their professional

5



relevance, are contingent on the political, institutional, and social aspects of the surrounding conditions. In

this paper, I focus on the relational role of ideology in elite networks to compare the relative influence of

moderates with more extreme co-partisans. To do this, I develop a theory of ideological cue-sharing that

integrates three related levels of analysis: (1) the political traits of individual legislators, (2) characteristics

of the district they represent, and (3) the rules and design of the legislative body. I argue that these factors,

along with partisanship, jointly condition legislators’ preferences for ideological influence with observable

implications on American party development.

Legislators evaluate cues much like voters choosing between candidates in an election, selecting relevant

information closest to their own ideal placement of a political object, broadly defined. Scholars of political

networks find frequent and substantial evidence of homophily in legislative settings, or the tendency for

members to work with others like themselves. In cue-giving relationships, representatives most often follow

colleagues they know well and whose decisions consistently correlate with their own. Interestingly, this

relationship need not be positive; legislators learn as much from the behavior of political adversaries as they

do from allies (Ringe and Wilson 2016). Perhaps a result of so many easily observable cues, subgroups in

elite networks almost always share the correlational quality of self-selection into those perceived as most

similar (Fowler 2006a,b; Neal, Domagalski and Yan 2022).

The necessity of cue-taking demands, in part, from the large number and wide range of complex issues

politicians face each day. Moreover, they are confronted by a proliferation of cues from co-partisans, party

leaders, and substantive experts. To navigate this environment, extant literature describes two potential deci-

sion rules: (1) directional (e.g. Schickler 2000; Rabinowitz and MacDonald 1989) or (2) spatial evaluations

(e.g. Hitt, Volden and Wiseman 2017). Directional choices are largely agnostic to the degree of relative

proximity between actors and instead prioritize shared partisanship. As a result, these cue-takers are likely

to follow the lead of fellow party members, particularly those with a clear ideological association to party

platforms, regardless of single-issue dissonance. In contrast, spatial choices reflect the cue given closest

to an official’s own ideal point, regardless of party origin. In this perspective, a moderate legislator would

more likely be influenced by centrists from the opposite party than extreme members of their own, if at

all (Zelizer Forthcoming). Legislators influenced by relatively polarized cues – originating from relatively

more extreme co-partisans – are likely to apply directional schemas of decision-making.

Often. decisions reached by the directional and spatial logics are different, and could entail substan-

tial costs. Directional evaluations foreground party discipline, while models of Congressional bargaining
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typically favor spatial assumptions (e.g. Krehbiel 1998). Indeed, the function and relevance of parties are

a frequent point of contention among scholars of American politics. Observing the remarkable stability of

divided government, Krehbiel (1998) and others argue that legislative institutions incentivize moderation in

service of productivity (Black 1958; Mayhew 1991). Two-party democratic elections affect a similar end

by ensuring that candidates appeal to the median voter in order to maximize public support (Downs 1957).

Research on legislative effectiveness finds supporting evidence, where legislators near the median tend to

pass a greater proportion of their bills relative to co-partisan extremists (Buccianeri, Volden and Wiseman

2020).

H1: Ideologically moderate ! more influential.

Despite its logical incentives, political behavior is frequently irrational. In addition, the trajectory of

American party development suggests that ideologues elicit some level of mainstream support – at least in

certain settings. Many scholars have observed a steady, top-down polarization among elite partisans since

the 1960s (e.g. Carmines and Layman 1997; Shor and McCarty 2011), while public opinion has been slow

to achieve similar outcomes (Lindaman and Haider-Markel 2002).

Contrary to earlier, symmetric theories of polarization in the United States (e.g. Stimson 1999), scholars

have more recently observed a difference in the rate and direction of two-party divergence. These asymmet-

ric theories suppose that ideological polarity is more common among Republicans than Democrats, making

the rightward shift of Republican elites a primary catalyst of current partisan unrest (Bullock 2011; Ura and

Ellis 2012; Grossman and Hopkins 2016). Related work suggests that partisan asymmetries may result from

differences in responsiveness (Butler and Dynes 2016; Broockman and Skovron 2018), policy platforms

(Krimmel, Lax and Phillips 2016), and campaign finance activity (Thomsen 2014). Similar findings from

the European politics literature show an association between directional voting in the mass public and higher

levels of elite polarization (Pardos-Prado and Dinas 2010). Oblique evidence in American politics is gen-

erally supportive, indicating greater reliance on polarized messaging in the absence of policy information

(Bullock 2011).

Together, these insights suggest a potential for asymmetry in partisan cue preferences. Among Republi-

cans, I expect a greater propensity to evaluate cues directionally, making party ideologues more influential

than moderates. Among Democrats, however, I expect spatial cue-taking to result in greater influence among

relative centrists.
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H2a: Among Republican legislators, ideologically extreme ! more influential.

H2b: Among Democratic legislators, ideologically moderate ! more influential.

Importantly, as Krehbiel (1998) and others observe, it is not just party but the distribution of preferences

that impact productivity (Black 1958; Mayhew 1991). According to Congressional research, gridlock is

more common when preferences are heterogenous than under divided government (Krehbiel 1998). Relative

to Congress, membership both within and across state legislatures is more ideologically diverse (Shor, Berry

and McCarty 2010). Scholars have noted a high level of variability in partisan ideology across the states,

where Republicans in some liberal contexts can have the same ideal point scores as Democrats in more

conservative areas (Shor, Berry and McCarty 2010). If reflected by elite behavior, this heterogeneity could

increase the representation of extreme preferences among legislative cues, in addition to complicating the

information environment. A greater number of partisan ideologues also necessarily reduces the number of

seats held by moderates. As a result, elites who use party-based heuristics may only be able to select from a

range of relatively more extreme informants.

In addition, even when optimal conditions are unmet, the incentives for legislative coalition building

remain. In these cases, centrists are likely to adapt by collaborating with more extreme factions of their

party to avoid gridlock (Cox and McCubbins 2005; Chiou and Rothenberg 2003). Comparative scholars

describe analogous alliances arising in multiparty legislatures as an externality of a plurality’s inability to

gain plenary control and consequently, meet quorum (Calvo and Sagarzazu 2011). As a result of these di-

verse coalitions, agenda setting power shifts from party leaders to committee chairs – consequences similar

to those implied by Cox and McCubbins’ (2005) dual-veto model. Similarly, I expect extremists to be most

influential in ideologically heterogenous chambers – settings where partisans are more likely to use direc-

tional logic when selecting among a truncated range of cues, building otherwise unlikely coalitions.

H3: Ideological heterogeneity ! extremists more influential.

Lastly, I consider the potential impact of each state’s internal procedures on cue-sharing outcomes to

examine how the institutional design of U.S. legislatures affects both the utility and distribution of influence

among members. Indeed, institutional structure is often foundational in accounts of collective decision-

making in both American and comparative settings (e.g. Black 1958; Downs 1957; Tsebelis 1995). This di-
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mension illustrates the intervening impact had by case-level procedural differences in operation (e.g. rules)

on both efficiency of the legislative process and congruence between policy outcomes, degree of repre-

sentation, and constituent preferences. Eminent examples across Political Science include: Black’s (1948)

analysis of ranked choice voting, Downs’s (1957) median voter theorem, and Tsebelis’s (1995) distinction

of partisan from institutional veto points.

Similarly, while the preceding portion of this theory accounts for partisan players, here I consider the

impact of two unique institutions in American states: term limits and professionalism. Similar to a cross-

national sample of countries, U.S. states have institutional differences that impact the foundations of formal

power (Ray 1982). For a Congressional analogue, consider the effect of changes to House rules on the

chamber’s balance of power, which shifted markedly from committee chairs to party leaders (Rhode 1991).

Relatedly, term limits are expected to moderate the power of state party leaders (Carey, Niemi, Powell and

Moncrief 2006), while professionalized legislatures are thought to strengthen them (Clucas 2007).

In any context, a primary responsibility of legislative leadership is to minimize defection among rank-

and-file members on the party’s agenda (Rhode 1991; Cox and McCubbins 1993; Battista 2011). Even in

plurality-led settings, party discipline is a central goal (Calvo and Sagarzazu 2011). Frequently, leaders seek

this support by exploiting structural and procedural rules such as discharge petitions, control of commit-

tee assignments, and seniority violations, that allow them to reward or punish actors with the allocation of

contingent goods (Cox and McCubbins 1993). At the state level, I anticipate countermajoritarian institu-

tions to lessen leaders’ reliance on punitive tactics, reducing the supply and relevance of party-based cues

to rank-and-file partisans. Consequently, legislators in term limited states should be less likely to engage

in directional influence and instead take cues from ideologically similar colleagues. On the other hand,

more professionalized states – with greater resources, longer sessions, and more powerful party leaders –

likely facilitate partisan influence by increasing importance of group discipline as well as the number of

cues available generally. As a result, I expect a higher level of cue-sharing in more professionalized states

with a greater reliance on spatial cues.

H4: Term limits ! relatively more diffuse influence networks (fewer influence ties sent & received).

H5: Professionalism ! relatively more dense influence networks (more influence ties sent & received).

9



2 Research Design
The latent nature of cue diffusion has long complicated empirical studies of political influence. Existing

research on legislative networks typically models this concept using individual or dyadic centrality, poorly

representing the totalizing context in which information sharing occurs. Individual-level statistics capitalize

on the strong correlation between a legislator’s policy effectiveness and “connectedness” to other members

(Krutz 2005; Fowler 2006a,b). As a measure of influence, however, individual statistics only illustrate one,

predominant cue-giver’s role in structuring a network, neglecting the presence and activity of other actors.

Dyadic measures improve on this problem, modeling influence as a relationship between two people. Here,

the extent of observed cohesion between decisions made by cue-givers and -takers denotes the relative

degree influence between them (e.g. Kirkland 2014; Ringe and Wilson 2016; Battaglini, Sciabolazza and

Patacchini 2020). While these statistics can model the balance of power between actors in a given dyad,

they remain myopic to the dynamic context of lawmaking, where actors simultaneously give and take cues.

Although there is recent experimental evidence of practical cohesion between cosponsorship and influ-

ence, it reaches mixed conclusions as to the ability of deliberation to affect bipartisan outcomes (Zelizer

Forthcoming; Fong 2020). Unsurprisingly, however, most research finds that cues strengthen partisan deci-

sions (Curry 2018; Zelizer Forthcoming). Despite the interdependent nature of legislators’ decisions, schol-

ars have yet to approach this topic from the perspective of political networks. Using recent advancements

in network methodology (e.g. Desmarais, Harden and Boehmke 2015; Denny 2016), I build on existing

measures of influence to more accurately model the practical context in which it occurs.

2.1 Data

Legislators use cues to inform a variety of decisions and behavior. However, this activity is most ubiq-

uitous and easily observed in the contexts of roll call voting and bill cosponsorship.3 This analysis focuses

on cosponsorship decisions, which are impacted substantially by information sharing (Zelizer 2018). In

addition, cosponsorship is conducted in a relatively uniform manner across states, limiting bias from pro-

cedural differences. Theoretically, cosponsorship fulfills a variety of advantageous ends being at once a

low-cost form of position taking (e.g. Mayhew 1974; Zelizer 2019), means of affecting the agenda (Kessler

and Krehbiel 1996), and signal of relational commitment (Bernhard and Sulkin 2013). Cosponsorship also
3Cosponsorship refers to legislators formally supporting a piece of legislation, often to attract more

support , engage in position-taking with minimal effort, and due to direct involvement in its drafting.
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represents an important form of collaboration among legislators (e.g. Gutmann and Thompson 2012; Hol-

man and Mahoney 2018), which is imperative to reciprocal coalition-building (Bratton and Rouse 2011;

Kirkland and Gross 2014) and the improved professional outcomes that result from robust networks (e.g.

Adler and Wilkinson 2013; Kirkland and Gross 2014).

To evaluate influence in state-level networks, I use individual-bill-level sponsorship data for all bills

considered in regular sessions of seven U.S. states – Alaska, Illinois, Indiana, Minnesota, Nebraska, Ok-

lahoma, and South Carolina – between the years of 2009 and 2018.4 The method used to infer influence

relationships requires knowledge of cosponsorship date for all bills in a given session. While many states

document the date when bills are first introduced, only these seven also record that information consistently

at the cosponsorship level. While this limited sample is imperfect, these states account for differences in

party control, region, economic interests, and other factors relevant to case selection (Gerring and Cojocaru

2016). I follow Kirkland (2011) and other state legislative scholars in selecting cases due to their availability

of the requisite data, with acknowledgement of constraints to external validity.

I obtained these data from Legiscan, a free and nonpartisan website that tracks legislative activity in

the United States. For each state-session, I used a total of five files: (1) a directory of legislators in both

chambers, (2) an index of all bills considered, (3) a list of roll call votes and (4) sponsors for every bill,

and (5) its complete legislative history. To construct the temporal cosponsorship dataset, I first subsetted

the legislative history file to include only sponsorship and cosponsorship events. Next, I operationalized a

temporal measure for each bill in days by first identifying its author or primary sponsor and the date when

it was introduced. Then, for each cosponsor, I subtracted the date of their cosponsorship from the date of

introduction.

For each bill, this produced a measure of time in days such that primary sponsors were assigned a value

of 0 and all subsequent cosponsors a value of 0+ # of days. To avoid endogeneity – for example, if a

legislator cosponsored a bill on the same day it was introduced but was not its primary sponsor – I re-coded

their time parameter as +1 rather than 0, adding one additional day to each subsequent cosponsor on that

particular item. Finally, bills without cosponsors do not contain potential influence interactions and are

automatically dropped in the pre-processing stage. These steps resulted in a raw sample of approximately

125,000 bills.
4The recorder for the South Carolina Legislative Branch only maintains these data for the lower house.

Analysis is limited to the lower chamber in this state. In addition, the Nebraska legislature is unicameral.
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2.2 Inferring Influence Networks

To infer the diffusion networks underlying elites’ behavior, I use NetInf, a network inference algorithm

developed by Gomez-Rodriguez et al. (2010, 2012) and NetworkInference, its implementation in R (Des-

marais, Harden and Boehmke 2015). This method relies on temporal data that describes both the time and

order in which actors sequentially engage in a certain activity – in this case, the name of each legislator

and the dates of bill introduction and subsequent cosponsorship. Using that information, NetInf identifies a

directed diffusion network, in which the reciprocity or asymmetry (direction) of interactions between con-

nected pairs (i,j) can be identified. Thus, an edge i !j indicates that influence diffuses from legislator i to

legislator j, where i is referred to as the cue-giver and j as the cue-taker. In this example, the relationship is

directed or asymmetric, because j does not influence i in return. Instances of reciprocation may also occur;

these are known as undirected or mutual ties.

This spread of behavioral change can be modeled for a set of legislators in which actors serve as both

cue-givers and cue-takers; in other words, they can be both influenced by one legislator and simultaneously

influence another, creating a tree-like pattern of observable, dependent decisions called a “cascade.” Using

the entire dataset, this method fits a network of diffusion ties that can be used to partially explain decisions

made in repeated events over time, but does not explain individual instances of cosponsorship in isolation.

A similar constraint is also present in experimental designs (Zelizer Forthcoming).

A legislator is influential if his or her cosponsorship choices lead others to do the same. Like traditional

measures of network centrality or “connectedness,” the most influential actors in this context are those whose

behavior strongly and consistently predicts the greatest number of others’ over time, measured according

to the temporal ordering of both actors’ decisions. In this case, relatively early cosponsorship indicates

cue-giving or influence, while subsequent behavior is considered cue-taking. Importantly, influence is not

operationalized using the raw count of cosponsorship observations nor the recency of adoption. These

factors would bias estimates of influence in favor of those who cosponsor the greatest number of bills or

frequently do so earliest.

To overcome these problems, this method is responsive to consistency of observations and decay over

time, classifying repeated and similarly-timed relationships as influential while penalizing inconsistencies

and those that take longer to form. As a result, estimates are robust to differences in both the number

and immediacy of actions, where legislators whose decisions strongly and consistently predict others’ are
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considered influential – even on a small number of bills – relative to those whose behavior does not. This

measurement allows influence to be modeled as a comprehensively relational activity – occurring among all

members of the legislature – rather than as an individual or dyadic trait.

2.3 Explaining Influence Ties

The resulting networks represent a likely set of ties formed from a complex combination of legislators’

individual characteristics as well as district-level and institutional attributes that jointly condition their in-

teractions. With a sufficiently large sample, the NetInf algorithm can accurately infer a potential underlying

network. However, the relationships it identifies result from a wide range of predisposing factors. As a

result, networks produced by this method in isolation are unable to offer an explanation as to how the ties

within it were formed. To overcome this limitation, I use the NetInf output as a dependent variable in two

different modeling strategies to evaluate the qualities of influential actors across states, by party, and over

time.

2.4 Pooled State Analysis

To establish the general correlates of influence, I first estimate a multilevel negative binomial count

model of legislators’ out-degree, or the number of times they influenced other actors as classified by the

NetInf output of each state-chamber-biennium.5 As the dependent variable, I calculate a measure of indi-

vidual out-degree, or number of influence ties sent by each participant in a given session. In this analysis, I

use a pooled sample of the 4,627 legislator-level observations, occurring in biennial sessions between 2009

and 2018. I use this approach to assess the conditional effects of institutional and district-level variables –

for example, the overall effect of term limits and party composition – on cue preferences. These findings

illuminate the qualities shared by influential officials in addition to informing the overall utility of cue-taking

as a means to information across contexts.

In this model of legislators’ out-degree, I include independent variables to test four main hypotheses

regarding the general patterns of tie formation: H1, moderate legislators will be more influential than ex-

tremists, H2, which tests the contextual aspects of legislative composition on the frequency of ideological

influence, and H4 – H5, comparing the institutional effects of term limits and professionalism on elite stature.

To assess H3, the interactive effect of ideology and chamber composition on out-degree, I first create a

relative measure of ideological extremity by subtracting each member’s score from their respective chamber
5Justification for this model selection can be found in the appendix.
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medians. This variable is multiplied with the standard deviation of chamber ideology. This step creates a

measure of polarity for each legislator, relative to their median colleague in the chamber as a whole. This

variable tests the conditional effect of a legislator’s ideological polarity on their degree of influence.

Term limits are entered dichotomously (in effect/not) and legislative professionalism is measured us-

ing Squire’s (2017) index. Finally, I operationalize a measure of electoral safety using the vote share each

legislator received in the election preceding each respective session. For appointed officials, I use the vote

share won by the candidate most recently elected to that seat. These data come from Klarner’s (2020) and

earlier state legislative returns; when necessary, missing observations were filled in using publicly avail-

able information found on Ballotpedia, the National Council of State Legislators (NCSL), and states’ own

archives.

In addition to the independent variables described above, I include controls as warranted by existing

work to account for other factors that correlate with legislative influence and out-degree. At the individ-

ual level, these terms include legislators’ race (coded as white/non-white), gender (female/non-female),

length of tenure in office, majority party affiliation, and party leader- and committee chairmanship (leader or

chair/non-leader or non-chair). With the exception of race and gender, these data were collected from each

state’s online legislative archive. To code legislators’ race and gender, I cross referenced newspaper articles,

campaign statements, and legislators’ membership to minority caucus rolls. Both models estimated in this

portion of the paper include year fixed effects, individual random effects, and state-chamber random effects,

with standard errors clustered by state-year.

2.4.1 Results

The results of these models, shown in table 1, find mixed support for the expected outcomes. Both

columns of table 1 report results for negative binomial count specifications, where positive coefficients indi-

cate that higher values of that variable are associated with greater influence, while negative coefficients illus-

trate the inverse. Columns 1 and 2 report results for models estimated using a pooled sample of legislators,

while columns 3 through 5 decompose the effects for Republican and Democratic partisans, respectively.

Overall, these results are supportive of theoretical expectations with interesting exceptions.

Traditional theories of Congressional and other political bargaining (e.g. Krehbiel 1998, 1991) as well

as statistical models (e.g. Buccianeri, Volden and Wiseman 2020) typically support the so-called “median

legislator” perspective. This hypothesis is tested in model 1, shown in column 1 of table 1). In this model,

I compare legislators’ relative distance from their chamber medians with out-degree, or number colleagues
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they influenced. Surprisingly, although the coefficient is negative, it is not significant. Research on similar

outcomes suggests that it may result from differences in an omitted contextual factor (e.g. Jackman 2014).

I test the conditional effect of one potential explanation, the ideological composition of the legislative

body on ideologues’ influence, in model 2 (found in column 2 and the top graph of figure 1). Contrary

to the previous results, these findings are positive and significant, demonstrating that legislators far from

their chamber’s median ideal point are more influential when their colleagues’ preferences are diverse. This

result is in line with the expectation that heterogenous preferences result in unexpected alliances, possibly

in the interest of party goals or productivity. Columns 3 and 4 decompose this effect by party, showing that

the observed result is primarily driven by Republican cue-giving. Although this interaction is positive in

both partisan models, it is only significant for Republicans and with a larger substantive effect. The second

empirical portion of this paper undertakes further contextual analysis of these results.

[Insert Figure 1 here]

Unlike ideology, both institutional variables fall short of statistical significance though in the expected

direction. Looking first at professionalism, I find that members of better resourced legislatures tend give

more cues than those in less professional contexts. Likewise, the coefficient for term limits is negative, pos-

sibly due to the absence of electoral incentives or reduced member visibility. Together, these results suggest

marginal support for the hypothesis that differences in institutional context reflect levels of majoritarianism

and consequently, party importance. Given that the coefficient for committee chairs is positive and signifi-

cant, while the effect for party leaders is not, this outcome may also reflect a reduced overall importance of

majoritarian considerations, as found in diverse legislative settings (e.g. Calvo and Sagarzazu 2011). These

findings align with conclusions made in existing research in addition to the general theoretical expecta-

tion in this paper: high levels of ideological diversity among state-level elites strengthens the influence of

committee chairs at the expense of party leadership.

Finally, these results demonstrate a number of results that fall outside the theoretical scope of this project

but offer insight to the nature of political influence. First, these analyses reach the unsurprisingly conclusion

that members of the majority party are more influential than those in the other. In addition, results also

show that female legislators are significantly more influential than males – particularly among Democrats.

This outcome is consistent with recent scholarship on Congressional networks showing that gender is a

more salient political identity among Democratic elites, second only to partisanship in importance (Neal,
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Domagalski and Yan 2022).

2.5 Within-State Networks

The count models above describe the general correlates of influence, but obscure important differences

in its application across contexts. In this portion of the paper, I use a different empirical approach to di-

rectly test legislators’ preferences for ideological extremism when taking cues from co-partisans. In this

case, interactions among Republicans are expected to evidence directional influence, following the lead of

conservative extremists. Among Democrats, influence networks should reflect spatial cues that result in

ideological stagnation. This secondary analysis builds on the results above by illustrating the importance of

extreme cues to co-partisan influence and the nature of its evolution in both parties across states and over

time.

To isolate interactions between co-partisans over time, data for each state-chamber-session are analyzed

independently. As above, dependent variables are operationalized using a different form of the NetInf re-

sults. Here, influence is measured as an interpersonal outcome between legislators, where pairs of cue-givers

and -takers can form a chamber-encompassing directed network. For the dependent variable, influence is

coded dichotomously to indicate the presence or absence of an influence tie. If the NetInf algorithm pre-

dicted edge, or tie, between legislators, the observation is coded as one. All other observations are coded

as zero. Unlike conventional dependent variables, however, the interdependence among observations in

network data violate the assumption of conditional independence made by linear regression (Cranmer and

Desmarais 2011). As a result, I follow Kirkland (2012, 2014) in using the Latent Space Model (LSM) of

social networks, which offers several distinct benefits to modeling these data relative to possible alternatives

(Hoff, Raftery and Handcock 2002).

Like more common methods, LSMs model structural covariates while avoiding problems of poor fit

or non-convergence typical of the exponential random graph (ERGM) class. LSMs control for conditional

dependence using a k-dimensional “latent social space,” which is created using the observed ties as specified

in the dependent variable. The placement of actors in this space reflects the distance between them; people

tied to one another or who share a common transitive partner are close together, while those with different

interlocutors are far apart. The distance between each actor in the network is measured as the euclidean

distance between them in the “latent space,” though this dynamic parameter is not specified by the researcher

nor intuitively modeled (Cranmer, Leifeld, McClurg and Rolfe 2016). This difference relaxes or eliminates

the structural and theoretical assumptions made by the ERGM framework, which renders those models
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prone to degeneracy and bias (Lusher, Koskinen and Robins 2013).6

The models reported in tables 2–13 are Bernoulli Latent Space Models where the dependent variable

is a directed adjacency matrix describing the relationship between pairs of legislators, i and j for each

state-chamber-biennium by party. Directed ties are those in which the sender and receiver – or cue-giver and

cue-taker, respectively – can be discerned and those in which the presence of a tie does not imply reciprocity.

In other words, a legislator i can influence her colleague j without being influenced by j herself. In this case,

the direction of the tie is clear; it is sent from i ! j.

An adjacency matrix describes relationships among individuals in a network, where every possible re-

lationship is represented as ordered rows and columns in a matrix. Here, each entry denotes the presence

or absence of influence among legislators as predicted by NetInf algorithm. If this process determined in-

fluence between two individuals, the intersection of their corresponding row and column entry is coded as

one. If they do not interact, their intersection is zero. Entries along the main diagonal correspond to the

relationship between a legislator and him or herself, and are coded as zero accordingly.

I include covariates for each legislator’s major party affiliation (coded as separate dichotomous indica-

tors, Republican/Democrat), race (coded as white/nonwhite), gender (female/non-female), and the distance

between their ideal point and the chamber’s median value (Shor and McCarty 2011). In addition, four

theoretically motivated control measures assess other factors typically associated with legislative influence.

First, because representatives with long political careers tend to be more influential than juniors, consequent

of their greater degree of visibility and higher levels of political effectiveness (e.g. Volden, Wiseman and

Wittmer 2013; Battaglini, Sciabolazza and Patacchini 2020), I use a measure of legislators’ tenure in of-

fice. I also include binary indicators for committee chairmanship and party leadership, which are coded

as chair/non-chair and leader/nonleader, respectively.7 Finally, legislators on the same committee tend to

share a high level of information with one another (Fong 2020) perhaps as a result of shared substantive

interests, professional proximity, or deference to a colleague’s expertise (Curry 2018). To do this, I include
6Before pursuing the specifications presented here, I estimated identical ERGMs specifications,. The

primary benefit of this approach is its sophisticated structural modeling capabilities. However, goodness-of-

fit and MCMC diagnostics showed that networks simulated by most models did not fit the observed data,

causing degeneracy and unreliable estimates. As a result, I do not report ERGM results.
7These data, as well as historical committee membership information, were gathered from each state’s

online legislative archive.
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a network covariate for shared committee assignment operationalized similar to the dependent variable in

matrix form (e.g. Kirkland 2012). In this case, however, entries are undirected. Here, values of one indicate

shar assignment during that session and zero otherwise.

To test co-partisans’ preferences for ideological cues, I use a measure of relative polarization for each

individual and computed the absolute difference for each pair of legislators affiliated with the same party.

This variable allows for partial pooling among same-party officials, approximating a multilevel model by

clustering observations at the party level. To do this, I operationalize a measure of polarization using Shor

and McCarty’s (2011, 2018) ideal point scores. Here, I subtracted each legislator’s ideal point from the

median in each session, to create a measure of ideological distance for each representative. Next, I created

a matrix to represent all possible dyads, where each (i, j) entry represents the relative distance between

legislators i and j. Separately, I created a matrix of co-partisan legislators, where entries are coded as one

if an (i, j) pair share party affiliation in that session and zero otherwise. Lastly, I multiplied the matrices

together to create a relative measure of within-party polarization, calculating it for each possible pair of

legislators affiliated with the two parties. This interaction term partially pools same-party legislators who

share an influence tie. As a result, I estimate two models – one for both parties in each state-chamber-session

– to compare results between them.

The quantity of interest, in this case, is the dyadic behavior of same-party legislators in a given state-

chamber-session. I measure this outcome using the absolute difference between each legislator’s distance

from the chamber median. This models the degree of similarity between cue-givers and cue-takers with

respect to how extreme they are relative to the chamber as a whole. Using the latentnet package in R , this

is done by including the matrix of co-partisan ideological distance described above as a dyadic covariate.

This specification produces three statistics corresponding to specific patterns of interaction: mutual (recip-

rocated) ties, i ! j (cue-taker effects), and j ! i (cue-giver effects). Technically speaking, these statistics

refer to distinct geometric parts of the observed outcome matrix, where mutual ties represent reciprocated

(undirected) ties, i ! j to the directed upper triangle, and j ! i the directed lower. I follow Lizardo and

Jilbert (forthcoming) in parallel, contextual interpretation of these latter two terms.

2.5.1 Results

The primary benefit of this second approach is its unique capability to illustrate the structure and di-

rection of systematic relationships. In this section, I summarize the general findings of 120 independently

estimated models, one for each party in a given state-chamber-session. Given the breadth of results gener-
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ated by these models, I focus on the role of ideology in structuring partisans’ relationships. More detailed

results can be found in tables 2 – 18 and figures 2 – 8.8 In addition, because systematic results are confined

to lower chambers, interpretation is focused there.

Contrary to the expected results, findings show that influence among Republicans tends to occur between

ideologically proximate partisans, reflecting spatial cue evaluations. Democrats, in the few cases where sig-

nificant results are observed, engage with others relatively far from their own ideal point. Generally, results

for Republicans are stronger and more consistent, while Democrats show little evidence of a cohesive party

preference for ideological cues. Taken together, I conclude that directional movement by the Republican

Party – where present – is likely achieved at least partially through systematic spatial interactions over time.

Keeping with exiting research, I find a positive effect for influence among committee chairs and legislators

with at least one shared committee assignment.

The quantity of interest is interpreted using three statistics produced by one term included in the model

specification. In this case, that variable describes the relative degree of ideological similarity between co-

partisan dyads in which influence occurs. Because this variable is measured as an absolute difference,

negative coefficients indicate that actors have similar levels of relative polarization, and positive values

correspond to dyads where actors’ ideal points are far apart. As a result, negative coefficients generally

approximate spatial influence, while positive values correspond to directional behacior. In each table and

plot, reciprocated ties appear first and they are also the most straightforward, describing relationships in

which a cue-taker also influences a cue-giver. In other words, both actors in a given dyad take cues from

each other.9 The second quantity describes unidirectional relationships where the cue-giver only influences

the cue-taker. In this case, results describe the polarity of cue-givers relative to those they influence. Because

these coefficients are calculated using the absolute difference between each person in a dyad, negative values

indicate that influential legislators tend to be relatively similar to those affect, while positive values illustrate

difference. The final term describes the relative polarization of cue-takers relative to those by whom they

are influenced.
8Some models of co-partisan behavior produced outlying coefficient estimates. This occurred in six

of 120 models presented. Results for these cases are not interpreted and are omitted from the relevant

visualizations to reduce bias and improve legibility.
9This description alludes to conclusions drawn from dyadic estimations, rather than those where influ-

ence is defined across multiple dyads, as here.
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In most cases with statistically significant results, effects are strongest for reciprocated ties. Given the

importance of ideological cohesion to political bargaining and collegial trust, this is somewhat unsurprising.

However, systematic differences in the direction of these coefficients show that Republicans’ preferences

for ideological influence have changed drastically since 2009 in many states. Among Democrats, however,

analogous coefficient values show movement toward zero over time, if at all. These observations suggest

that Republican partisans in some contexts developed a preference for ideological cues that is absent among

Democrats. In most cases, evidence of party-based behavior by both groups is stable across all three statistics

(mutual and asymmetric ties). In other words, while effects are strongest for reciprocated ties, that pattern

of behavior internally generalizable within each case over time. This outcome suggests that evidence of dif-

ferential partisan activity may appear earlier or be most apparent among reciprocated relationships between

party members.

In most cases, behavior by Republicans and Democrats reflect similar patterns across states over time.

Specifically, coefficient estimates for Republicans typically begin at zero or a small positive value. In many

cases, estimates of the same quantity among Democrats is statistically indistinguishable from Republicans’

in 2009, typically showing little impact of ideology on cue preference. Over time, however, these positions

diverge – sometimes markedly – resulting in substantial differences between the parties by 2018. In nearly

every case, coefficient estimates for Republicans moves systematically (though not always significantly)

from their initial values toward zero, before eventually inflecting across the horizontal axis and becoming

negative. These results are clearest in the lower houses of Illinois, Minnesota, and to a lesser extent Okla-

homa and Nebraska. Here, there is an obvious and significant shift among Republicans in all three dyadic

metrics, showing that cue preferences changed slowly but substantially over time. The eventual result of this

behavior for Republicans represents consolidation among ideologically proximate, but increasingly extreme

dyads. At the same time, estimates for Democrats illustrate the reverse: usually beginning at null or small

negative values, there is little evidence of significant change over time. Where evolution does occur, out-

comes are modest and positive, indicating directional preferences. While Republican coalitions eventually

reflect a greater emphasis on ideological influence facilitated by homogeneity, that heuristic is unable to

reach the same salience among groups of Democrats.

Interpreted with context from party and chamber-level descriptive information, it is clear that cases with

strong evidence of these relationships are conditioned by the ideological composition of both each party and

its relationship to the chamber as a whole. In Minnesota, for example, results for both parties are relatively
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similar for partisans in both houses over time. The same is broadly true of dyads in Illinois and Indiana.

Looking at tables 14 and 15, which contain descriptive statistics for each ideal point distribution, these

differential outcomes may be the result party membership. In Illinois, Republicans become less diverse and

more conservative overtime. In Minnesota, the magnitudes of change and consolidation in partisan ideology

are similar, however the coefficients fluctuate closer to its initial values by 2018. In all of these cases, this

observation suggests that party discipline s higher than in states without a robust pattern, where Republicans

form relationships so systematically as if to appear coordinated. It is possible that coalitions of Democrats

are formed with a similar effort, perhaps unsuccessfully or with respect to some non-ideological quality.

Only Indiana shows countervailing effects with no immediately recognizable explanation. Descriptive

measures show almost no change in party medians or standard deviation over time. If partisan behavior in

this state was theoretically similar to its counterparts elsewhere, then stagnation in the parties’ ideological

composition and the legislature itself would produce non-significant effects for both parties. However, the

opposing effects in Indiana are nonetheless strong. There are many potential causes of this outcome, most

of which fall beyond the scope of this paper.

Using the information available, several differences seem relevant. First, coefficients for several vari-

ables are opposite of effects found in most other cases. This is especially true for shared committee mem-

bership, committee chairs, and seniority. Notably reversed in the majority of cases, committee chairs in

Indiana are not influential, although shared committee membership is. In addition, effects for seniority are

positive, while in most other settings findings are null or negative. Together, these observations allude to an

idiosyncratic but omitted institutional factor that impacts the foundations of formal power substantially in

that state but not in the other six. Finally, it is worth noting that the distribution of Republicans’ ideology is

superlatively narrow in Indiana. As a result, ideological differences between cue-givers and cue-takers may

not be as strong as they initially appear. In other words, seemingly divergent patterns of cue-taking among

Indiana Republicans could actually reflect dyads that would be proximate in other settings. In any case,

the small variance among partisan behavior in Indiana renders cue-sharing among truly dissimilar actors

unlikely.

Collaboration between ideologically proximate memberes is a nearly universal characteristic of legisla-

tive networks in a diversity of contexts (e.g. Tam Cho and Fowler 2010; Ringe and Wilson 2016). My

findings are similar, but evidence asymmetric application of this rule between members of the two major

parties. Overall, Republicans demonstrate a monotonically increasing preference for homophily at all three
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levels of dyadic interaction, while Democrats show no such preference (Neal, Domagalski and Yan 2022).

Broadly speaking, this pattern implies that directional movement by parties on the ideological spectrum

may not result from partisans engaging in directional decision-making, as hypothesized. Instead, systematic

spatial cue-taking appears to be the primary contributor to this outcome across these seven states. However,

initial values of party heterogeneity among Republicans is low in 2009 and only decreases by 2018. Prac-

tically speaking, this means that while Republicans are influenced by ideologically similar cues, the range

over which those cues originate is narrow. As a result, a lack of diversity in co-partisans’ ideal points may

lead to an improved cue-sharing environment, even when influence occurs between polar members.

As evidenced by the descriptive measures in tables 14 and 15, both parties in most lower houses maintain

similar levels of ideological heterogeneity across the period from 2009 to 2018. However, the composition

of party membership changes in certain cases. Specifically, while the standard deviation of ideal point for

both parties is relatively stable over time, the median of this measure often increases among Republicans.

Conversely, Democrats’ median ideal point shows little change in the ideological composition of its mem-

bers, where party-level statistics show a modest increase in ideological diversity or median preferences over

time. For Republicans, the same statistics show consolidation in a conservative direction. Together, these

findings suggest that party-level movement toward a more extreme ideal point can be affected by greater lev-

els of ideological homophily in co-partisans’ influence interactions. In other words, a directional outcome

can result from spatial behavior. More generally, these results indicate that systematic election of more

extreme partisans plays an important role in party development. Future research should undertake questions

of candidate recruitment, campaign finance, and other potential factors related to this phenomenon (e.g.

Thomsen 2014).

In most cases, coefficient estimates for theoretically significant controls are supportive of conclusions

made in existing research. As noted above, committee chairs in most states are influential and often substan-

tially moreso than party leaders. This outcome is frequently observed in studies of American legislatures

(e.g. Rhode 1991). In addition, coefficient estimates for influence occurring between members with at least

one shared committee assignment are positive and significant in most states, as found among members of

Congress (Curry 2018; Fong 2020). In many cases, effects for vote share are significant and negative, which

unsurprisingly shows that representatives facing high levels of electoral competition may engage in low-cost

position taking like cosponsorship at higher rates than those in safe districts. As a result, influence is likely

a more useful heuristic for those officials. Though somewhat volatile both within and across states, results
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for gender and race illuminate interesting patterns. Generally speaking, these coefficients are negative and

imply that cross-gender and race influence is frequent. Given that the proportion of women and non-white

legislators is small in most states (Holman and Mahoney 2018), this outcome could reflect an inability for in-

fluence among coalitions of women and minorities. Given the high level of variation in this result, however,

more research should be done on the mechanism and impact of these qualities.

[Insert Figure 2 here]

[Insert Figure 3 here]

[Insert Figure 4 here]

[Insert Figure 5 here]

[Insert Figure 6 here]

[Insert Figure 7 here]

[Insert Figure 8 here]

3 Conclusion
This paper explores the concept and exercise of political influence, a principal method of collective

decision-making used by elected officials. While informal, this process has a substantial impact on the

trajectory of American politics, and particularly party development. Relevant scholarship in both American

and comparative politics demonstrates overwhelming evidence to support elites’ use of this heuristic, a

finding robust to differences in sampling procedures, methodology, and temporality (e.g. Kingdon 1973;

Matthews and Stimson 1975; Box-Steffensmeier, Arnold and Zorn 1997; Box-Steffensmeier, Ryan and

Sokhey 2015). As a result, it is likely that this practice plays some role in the contemporary polarization of

American parties, although scholars have so far been unable to establish a strong quantitative relationship

sensitive to partisan symmetry.

To fill theoretical vacancies left by existing research, this paper develops a comprehensive account of

several potential sources of variation in cue preference by integrating three analytical factors with a demon-

strated impact on elite behavior: individual, institutional, and electoral incentives. Using this foundation, I

analyze the role of ideology in co-partisans’ cue-giving and -taking behavior over ten years in seven states.

23



Findings generally support recent theories of asymmetric polarization, with collaboration patterns among

Republicans showing evidence of ideological conditioning. Democrats, on the other hand, show no system-

atic relationship between these factors. Sample descriptives suggest Republican coalitions in most states

underwent a process of ideological consolidation in a conservative direction over the period between 2009

and 2018. At the same time, values for Democrats remained relatively stable. Together, this evidence

suggests that partisans’ differential preferences for ideological influence may be one contributing factor to

ongoing partisan divergence at the elite level.

This research also establishes important correlates of influential behavior, particularly with respect to set-

tings in which ideological extremists influence moderates, potentially disrupting constituent representation.

Most existing accounts of legislative bargaining rest on the assumption that median players are advantaged

by the institutional design of contemporary democracy (Krehbiel 1998). However, party development and

other political outcomes in both the U.S. and abroad are incongruous with this theoretical approach, where

the success of populism suggests some informal source of outlying cues. To that end, this paper finds that

extremists do frequently influence moderate co-partisans, an effect that is amplified by greater ideological

diversity rather than deterred by it.

Independent examinations of 120 session-level networks suggest that partisan behavior closely follows

the distribution of ideology in party groups relative to the chamber as a whole. My findings suggest that

systematic collaboration among ideologically similar, but increasingly extreme Republican legislators may

provide a partial explanation for the party’s rightward shift. Here, the often narrow distribution of members’

preferences increases the rate of cue-taking among ideologically similar actors. Particularly when combined

with a small number of members, this pattern facilitates ideological cue-sharing among like-minded party

members.

Contrary to the anticipated relationship, party-level movement seems to result from systematic spatial

decisions made over a long period of time. As a result, aggregate ideological movement occurs almost

glacially, eventually resulting in directional aggregate outcomes. This finding is especially convincing after

accounting for the changing composition of legislatures and party membership. In the long-run, the effect

of this practice is theoretically similar to so-called “tipping point” hypotheses (e.g. Schelling 2006), where

small, systematic actions by individuals are sufficient to produce macro-level change.

The results of this paper suggest many interesting directions for future scholarship. In particular, these

findings allude to the presence of an electoral foundation that synergistically conditions partisan behavior.
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Future research in American politics should build on this work to account for possible impacts of campaign

finance (e.g Thomsen 2014), voter mobilization, and candidate recruitment, among others. In addition,

these findings show that ideological extremists are most powerful in heterogenous settings. Scholars of both

American and comparative politics should assess the external validity of this finding, particularly in more

diverse multiparty settings. Should these results generalize beyond the seven-state context examined here,

then a greater focus on the effects of specific institutions (e.g., term limits, caucuses, and committee proce-

dures) on elite behavior is warranted. Finally, this paper demonstrates a variable impact of gender and racial

minority status on political influence. The heterogenous effects of these variables both within and across

states imply that qualitative evidence is needed to determine the conditions under which demographic mi-

norities achieve influential status, particularly with respect to bipartisan or caucus-level outcomes (Holman

and Mahoney 2018).
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Table 14: Ideal Point Descriptive Statistics by State-Party-Year (Lower)

State Year Party Party Median Chamber Heterogeneity Party Heterogeneity
Alaska 2010 Democrats -0.65 0.71 0.40

2010 Republicans 0.80 0.71 0.22
2012 Democrats -0.65 0.71 0.39
2012 Republicans 0.76 0.71 0.21
2014 Democrats -0.57 0.65 0.43
2014 Republicans 0.79 0.65 0.28
2016 Democrats -0.53 0.68 0.39
2016 Republicans 0.84 0.68 0.34
2018 Democrats -0.58 0.80 0.34
2018 Republicans 0.86 0.80 0.33

Illinois 2010 Democrats -0.90 0.71 0.56
2010 Republicans 0.28 0.71 0.30
2012 Democrats -1.05 0.82 0.58
2012 Republicans 0.35 0.82 0.34
2014 Democrats -0.87 0.81 0.59
2014 Republicans 0.43 0.81 0.35
2016 Democrats -0.88 0.84 0.59
2016 Republicans 0.49 0.84 0.28
2018 Democrats -1.06 0.89 0.60
2018 Republicans 0.55 0.89 0.28

Indiana 2010 Democrats -0.49 0.74 0.23
2010 Republicans 0.94 0.74 0.12
2012 Democrats -0.50 0.74 0.24
2012 Republicans 0.93 0.74 0.11
2014 Democrats -0.53 0.71 0.24
2014 Republicans 0.93 0.71 0.10
2016 Democrats -0.53 0.69 0.24
2016 Republicans 0.93 0.69 0.10
2018 Democrats -0.54 0.71 0.24
2018 Republicans 0.93 0.71 0.12

Minnesota 2010 Democrats -1.02 1.02 0.37
2010 Republicans 0.95 1.02 0.30
2012 Democrats -1.15 1.11 0.36
2012 Republicans 1.01 1.11 0.26
2014 Democrats -1.09 1.11 0.33
2014 Republicans 1.03 1.11 0.24
2016 Democrats -1.16 1.14 0.32
2016 Republicans 1.02 1.14 0.22
2018 Democrats -1.19 1.14 0.32
2018 Republicans 1.02 1.14 0.25

Oklahoma 2010 Republicans 1.16 0.63 0.10
2010 Democrats -0.06 0.63 0.21
2012 Republicans 1.18 0.61 0.10
2012 Democrats -0.07 0.61 0.20
2014 Republicans 1.19 0.61 0.10
2014 Democrats -0.09 0.61 0.19
2016 Republicans 1.21 0.63 0.10
2016 Democrats -0.09 0.63 0.21
2018 Republicans 1.19 0.61 0.09
2018 Democrats -0.11 0.61 0.17

South Carolina 2010 Democrats -0.56 0.80 0.34
2010 Republicans 0.91 0.80 0.26
2012 Democrats -0.62 0.82 0.29
2012 Republicans 0.92 0.82 0.28
2014 Democrats -0.61 0.81 0.27
2014 Republicans 0.92 0.81 0.25
2016 Democrats -0.66 0.82 0.27
2016 Republicans 0.95 0.82 0.26
2018 Democrats -0.69 0.85 0.30
2018 Republicans 0.95 0.85 0.29



Table 15: Ideal Point Descriptive Statistics by State-Party-Year (Upper)

State Year Party Party Median Chamber Heterogeneity Party Heterogeneity
Alaska 2010 Democrats -0.70 0.80 0.28

2010 Republicans 0.71 0.80 0.22
2012 Democrats -0.69 0.83 0.29
2012 Republicans 0.68 0.83 0.29
2014 Democrats -0.95 0.87 0.31
2014 Republicans 0.81 0.87 0.31
2016 Democrats -0.95 0.82 0.32
2016 Republicans 0.70 0.82 0.30
2018 Democrats -0.95 0.88 0.46
2018 Republicans 0.72 0.88 0.34

Illinois 2010 Democrats -0.65 0.59 0.28
2010 Republicans 0.43 0.59 0.22
2012 Democrats -0.66 0.60 0.30
2012 Republicans 0.43 0.60 0.22
2014 Democrats -0.66 0.58 0.30
2014 Republicans 0.45 0.58 0.16
2016 Democrats -0.66 0.60 0.29
2016 Republicans 0.46 0.60 0.15
2018 Democrats -0.67 0.60 0.24
2018 Republicans 0.47 0.60 0.13

Indiana 2010 Democrats -0.49 0.65 0.17
2010 Republicans 0.86 0.65 0.17
2012 Democrats -0.51 0.61 0.19
2014 Republicans 0.86 0.63 0.18
2014 Democrats -0.51 0.63 0.21
2016 Republicans 0.89 0.59 0.16
2016 Democrats -0.55 0.59 0.20
2018 Republicans 0.88 0.60 0.16
2018 Democrats -0.57 0.60 0.23

Minnesota 2010 Democrats -0.94 0.94 0.68
2010 Republicans 0.68 0.94 0.31
2012 Democrats -0.95 1.06 0.38
2012 Republicans 0.85 1.06 0.34
2014 Democrats -0.98 1.04 0.36
2014 Republicans 0.85 1.04 0.31
2016 Democrats -0.98 1.03 0.36
2016 Republicans 0.83 1.03 0.32
2018 Democrats -1.15 1.11 0.33
2018 Republicans 0.93 1.11 0.37

Nebraska 2010 Democrats -0.02 0.48 0.31
2010 Republicans 0.73 0.48 0.28
2012 Democrats -0.14 0.51 0.31
2012 Republicans 0.72 0.51 0.33
2014 Democrats -0.12 0.56 0.32
2014 Republicans 0.66 0.56 0.39
2016 Democrats -0.18 0.65 0.47
2016 Republicans 0.64 0.65 0.45
2018 Democrats -0.26 0.82 0.51
2018 Republicans 0.96 0.82 0.53

Oklahoma 2010 Democrats 0.05 0.62 0.16
2010 Republicans 1.13 0.62 0.21
2012 Democrats 0.04 0.61 0.19
2012 Republicans 1.16 0.61 0.17
2014 Democrats 0.07 0.56 0.21
2014 Republicans 1.18 0.56 0.19
2016 Democrats -0.01 0.52 0.18
2016 Republicans 1.17 0.52 0.18
2018 Democrats -0.14 0.66 0.35
2018 Republicans 1.17 0.66 0.18
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